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Review Methodology

What struck him as cool last year 
(during the times of sobriety)

Random Thoughts

Clinical studies in last year
Longitudinal Analysis of Publications

Analysis of Abstract Content
Self Promotion



Bills methodology to find articles
Select CI MESH headings from major MESH headers of "clinical", "medical", "nursing", "dental", "health“. Did not include straight
technology(i.e. "Biomedical Engineering", "Biomedical technology", "Electronics, Medical" etc..)

This gives the following concepts;

Adverse Drug Reaction Reporting Systems, Ambulatory Care Information Systems, Artificial Intelligence, Biological Ontologies, clinical informatics , 
Clinical Laboratory Information Systems, Clinical Pharmacy Information Systems, Community Networks, Consumer Health Informatics, Decision 
Making, Computer-Assisted, Decision Support Systems, Clinical, Decision Support Techniques, Dental Informatics, Diagnosis, Computer-Assisted, 
Drug Therapy, Computer-Assisted, Electronic Prescribing, Geographic Information Systems, Health Information Exchange, Health Information 
Systems, Health Smart Cards, Hospital Information Systems, Image Interpretation, Computer-Assisted, Information Systems, Integrated Advanced 
Information Management Systems, Knowledge Bases, Medical Informatics Applications, Medical Informatics Computing, Medical Order Entry 
Systems, Medical Record Linkage, Medical Records Systems, Computerized, Nursing Informatics, Operating Room Information Systems, Patient 
Generated Health Data, Patient Portals, Point-of-Care Systems, Prescription Drug Monitoring Programs, Public Health Informatics, Radiology 
Information Systems, Radiotherapy, Computer-Assisted, Reminder Systems, Telemedicine

This is simplified by using proximal concepts that contain many of the sub-concepts of interest;

"Artificial Intelligence"[MESH] OR "Clinical Laboratory Information Systems"[MESH] OR "Consumer Health Informatics"[MESH] OR "Therapy, 
Computer-Assisted "[MESH] OR "Decision Support Techniques"[MESH] OR "Dental Informatics"[MESH] OR "Drug Information Services"[MESH] 
OR "Electronic Prescribing"[MESH] OR "Health Records, Personal"[MESH] OR "Hospital Information Systems"[MESH] OR "Information 
Systems"[MESH] OR "Medical Informatics"[MESH] OR "Medical Record Linkage"[MESH] OR "Medical Records Systems, Computerized"[MESH] 
OR "Nursing Informatics"[MESH] OR "Public Health Informatics"[MESH] OR "Radiology Information Systems"[MESH] OR "Reminder 
Systems"[MESH] OR "Telemedicine"[MESH]



Results of Analysis

From 6/1/23à5/31/24 this query gave 39,154 entries 

For the rest of the analysis, only titles with English (99%) abstracts were included:  35,714 

From this 35,714 entries, the trials, 716, were reviewed and a sample selected for presentation

The selection was NOT random



Growth in Publications
(compared to 2000, using Dementia as comparator)

10,350

35,714

21



Growth in Publications 

19,394

51,287

21
2023



What Journals?
Proportion of Articles vs. # of Journals

# of Journals

2023: 50% of Articles  in 140 Journals

2014: 50% of Articles in 160 Journals 



What Journals?



What Journals are used more or less?
2014à2024

↑Articles               Abs∆                  ↓Articles                Abs∆
*
*
*
*

*

*

*
*

*

*
*

* Open Access



% of publications with any funding



Proportion of publications that are trials

19,394

51,287

21



Proportion of Publications that are Meta-Analyses



BS/Study Ratio®

®W. Galanter & C. Banas 2012,14-16,18,21-24

BS: Opinions, thoughts, 
anecdotes, cases, 
whatever, etc.

Study: experiments, cohorts, 
   retro analysis, observations, 
Meta-analysis, some type of study.
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Deep Hype

?? ??

Hype
Hype

Infinite Hype
(no trials)

Chronic historical diseases



Text Review Methodology

Cohort

35,714  Medline results with abstracts in English
 

-include abstract and title 
-7.5x106 "words“ 

 

Phrases and words were counted in R with help from ChatGPT4, who again, was 
unable to come to the meeting this year.

All word maps were compressed to produce the freq-high/freq-low  ≈ 10-20 



Who is mentioned in the “Corpus”



What diseases are in the “Corpus”



What are CI concepts in the “Corpus”

No: Blockchain, burnout, virtual reality, ROI, hie, personalized medicine



What’s your favorite flavor of “tele”?



What analytic concepts/tools are in the Corpus?



Distribution of  articles by type of journal in the trials cohort



Top Informatics Journals publishing Trials

2009                                             2024



Distribution of  “general” journals in the trials cohort
2009                                  2024



Methods used in Trials

24 OK
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Colin’s Turn !!!

The Singularity is 
Near Section
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Chatbots Passing Exams

Vanderbilt

Excluded questions with images

GPT 3.5 correct rate overall = 74%; no difference 
between categories statistically

Our (human) correct rate = ~60%

Takeaway – fire up AI when you’re doing 
unproctored MOC !!!



Drexel

GPT 4

8 hours / 7 blocks / 40 questions per 
block

Takeaway – better than humans

https://doi.org/10.21203/rs.3.rs-3240108/v1 27



DOI: 10.1056/AIdbp2300192 28

Israel 2022

All residents taking specialty exams vs 
ChatGPT3.5 and then ChatGPT4

On par with humans and look at how the 
improvement is progressing



UNITE THE HEALTHIVERSE 29

Chatbots and Pharmacists

https://doi.org/10.1111/bcp.15896

https://doi.org/10.1111/bcp.15896
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Not just clinical exams…



Transition Comedy Slide:
Too soon? Back to you Bill !!

31



Topol EJ. AI-enabled opportunistic medical scan interpretation. Lancet. 2024 May 11;403(10439):1842. doi: 10.1016/S0140-6736(24)00924-3. PMID: 38735291.



Lu MT, Ivanov A, Mayrhofer T, Hosny A, Aerts HJWL, Hoffmann U. Deep Learning to Assess Long-term Mortality From Chest Radiographs. JAMA Netw Open. 2019 Jul 3;2(7):e197416. doi: 
10.1001/jamanetworkopen.2019.7416. PMID: 31322692; PMCID: PMC6646994.

Development  Internal Test                                                 External Test
Prostate, Lung, Colorectal, and Ovarian Cancer Screening Trial (PLCO)                          National Lung Screening Trial (NLST)



Lu MT, Ivanov A, Mayrhofer T, Hosny A, Aerts HJWL, Hoffmann U. Deep Learning to Assess Long-term Mortality From Chest Radiographs. JAMA Netw Open. 2019 Jul 3;2(7):e197416. doi: 
10.1001/jamanetworkopen.2019.7416. PMID: 31322692; PMCID: PMC6646994.



Weiss J, Raghu VK, Paruchuri K, Zinzuwadia A, Natarajan P, Aerts HJWL, Lu MT. Deep Learning to Estimate Cardiovascular Risk From Chest Radiographs : A Risk Prediction Study. Ann 
Intern Med. 2024 Apr;177(4):409-417. doi: 10.7326/M23-1898. Epub 2024 Mar 26. PMID: 38527287.



Weiss J, Raghu VK, Paruchuri K, Zinzuwadia A, Natarajan P, Aerts HJWL, Lu MT. Deep Learning to Estimate Cardiovascular Risk From Chest Radiographs : A Risk Prediction Study. Ann 
Intern Med. 2024 Apr;177(4):409-417. doi: 10.7326/M23-1898. Epub 2024 Mar 26. PMID: 38527287.

Unknown ASCVD Test                                                              Known ASCVD test
          AUC’s     CXR 0.67 [0.61-0.73]   ASCVD 0.72 [0.66-0.78]  
                                                                                                                             CXR & ASCVD 0.73 [0.67-0.79]



Ueda D, Matsumoto T, Ehara S, Yamamoto A, Walston SL, Ito A, Shimono T, Shiba M, Takeshita T, Fukuda D, Miki Y. Artificial intelligence-based model to classify cardiac functions from 
chest radiographs: a multi-institutional, retrospective model development and validation study. Lancet Digit Health. 2023 Aug;5(8):e525-e533. doi: 10.1016/S2589-7500(23)00107-3. Epub 2023 

Jul 6. PMID: 37422342.

19,240 3311



Ueda D, Matsumoto T, Ehara S, Yamamoto A, Walston SL, Ito A, Shimono T, Shiba M, Takeshita T, Fukuda D, Miki Y. Artificial intelligence-based model to classify cardiac functions from 
chest radiographs: a multi-institutional, retrospective model development and validation study. Lancet Digit Health. 2023 Aug;5(8):e525-e533. doi: 10.1016/S2589-7500(23)00107-3. Epub 2023 

Jul 6. PMID: 37422342.

LV Function < 40%                                                    Valvular Function, IVC Dilatation



Pyrros A, Borstelmann SM, Mantravadi R, Zaiman Z, Thomas K, Price B, Greenstein E, Siddiqui N, Willis M, Shulhan I, Hines-Shah J, Horowitz JM, Nikolaidis P, Lungren MP, Rodríguez-
Fernández JM, Gichoya JW, Koyejo S, Flanders AE, Khandwala N, Gupta A, Garrett JW, Cohen JP, Layden BT, Pickhardt PJ, Galanter W. Opportunistic detection of type 2 diabetes using deep 

learning from frontal chest radiographs. Nat Commun. 2023 Jul 7;14(1):4039. doi: 10.1038/s41467-023-39631-x. PMID: 37419921; PMCID: PMC10328953.

Upright, PA, frontal CXR
Neural Network trained on presence or absence of DM from 1/1/2010 à 12/31/2020

DM defined by ICD Codes present at any time



Pyrros A, Borstelmann SM, Mantravadi R, Zaiman Z, Thomas K, Price B, Greenstein E, Siddiqui N, Willis M, Shulhan I, Hines-Shah J, Horowitz JM, Nikolaidis P, Lungren MP, Rodríguez-
Fernández JM, Gichoya JW, Koyejo S, Flanders AE, Khandwala N, Gupta A, Garrett JW, Cohen JP, Layden BT, Pickhardt PJ, Galanter W. Opportunistic detection of type 2 diabetes using deep 

learning from frontal chest radiographs. Nat Commun. 2023 Jul 7;14(1):4039. doi: 10.1038/s41467-023-39631-x. PMID: 37419921; PMCID: PMC10328953.

Development Chicago Suburban
N=153,168

Test Chicago Suburban
N = sequentially next 9,943

External Test Atlanta
N = 5,026



Pyrros A, Borstelmann SM, Mantravadi R, Zaiman Z, Thomas K, Price B, Greenstein E, Siddiqui N, Willis M, Shulhan I, Hines-Shah J, Horowitz JM, Nikolaidis P, Lungren MP, Rodríguez-
Fernández JM, Gichoya JW, Koyejo S, Flanders AE, Khandwala N, Gupta A, Garrett JW, Cohen JP, Layden BT, Pickhardt PJ, Galanter W. Opportunistic detection of type 2 diabetes using deep 

learning from frontal chest radiographs. Nat Commun. 2023 Jul 7;14(1):4039. doi: 10.1038/s41467-023-39631-x. PMID: 37419921; PMCID: PMC10328953.

Model Score with/without DM Model Performance
CXR-AI vs. Clinical vs. Both



Pyrros A, Borstelmann SM, Mantravadi R, Zaiman Z, Thomas K, Price B, Greenstein E, Siddiqui N, Willis M, Shulhan I, Hines-Shah J, Horowitz JM, Nikolaidis P, Lungren MP, Rodríguez-
Fernández JM, Gichoya JW, Koyejo S, Flanders AE, Khandwala N, Gupta A, Garrett JW, Cohen JP, Layden BT, Pickhardt PJ, Galanter W. Opportunistic detection of type 2 diabetes using deep 

learning from frontal chest radiographs. Nat Commun. 2023 Jul 7;14(1):4039. doi: 10.1038/s41467-023-39631-x. PMID: 37419921; PMCID: PMC10328953.
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As seen on Twitter ! https://x.com/Dr_Oubre/status/1787982558526853462 43

Colin’s CDS 
Section



YouTube Link – Vanderbilt Informatics

https://www.youtube.com/watch?v=e
dS4XmCBQ9A&ab_channel=Departme
ntofBiomedicalInformatics

“Hey you’re about to order an anti-
pseudomonal in a septic patient, 
wanna enroll in the ACORN trial? “

Orderset would then appropriately 
randomize and help guide appropriate 
dosing of the antibiotic

doi: 10.1001/jama.2023.20583 44

Vanderbilt

The Setup:

Empiric antibiotics in sepsis, Pip-Tazo 
causes AKI but Cefipime causes 
neurological dysfunction. What’s an 
intensivitist to do?

Real-time enrollment into the study via 
EHR randomization

https://www.youtube.com/watch?v=edS4XmCBQ9A&ab_channel=DepartmentofBiomedicalInformatics
https://www.youtube.com/watch?v=edS4XmCBQ9A&ab_channel=DepartmentofBiomedicalInformatics
https://www.youtube.com/watch?v=edS4XmCBQ9A&ab_channel=DepartmentofBiomedicalInformatics
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https://doi.org/10.1093/jamiaopen/ooae023
47

UCSD

“AHRQ defines LHSs as those in which 
internal data and experience are 
systematically integrated with external 
evidence to facilitate data-driven 
intervention.”

Let’s do a COVID study utilizing 
multiple EHR tools in the spirits of LHS

- Emailed QR codes to link to 
MyChart

- Questionnaires / Consent / 
Scheduling / eCheck-In

- Lab orders and results



npj Digital Medicine (2024)7:14 ; https://doi.org/10.1038/s41746-023-00986-6 48

UCSD: Pre/Post Sepsis 
Interventions

COMPOSER

“It is a feed-forward neural 
network model that 
incorporates routinely 
collected laboratory and 
vital signs as well as patient 
demographics (age and 
sex), comorbidities, and 
concomitant medications to 
output a risk score for the 
onset of sepsis within the 
next 4 h.”

BPA in workflow alert 
presented to nursing 



49

COMPOSER continued…
Improvement in outcomes as 
well as performance metrics

- Reduction mortality
- 1.9% absolute 
- 17% relative

- Improvement in Bundle 
Compliance rates including 
abx/ IVF / etc.

- 5% absolute
- 10% relative increase



Journal of the American Medical Informatics Association, 2024, Vol. 00, No. 0 50

Vanderbilt / Clickbusters

Let’s take the 4000 user 
comments from 8 alerts  and have 
human summaries compared to 
GPT-4 summaries and subsequent 
suggested changes

Let’s rank the quality of these 
summaries' human vs LLM
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ChatGPT won….. 

Let’s save time scouring over thousands of 
comments and let the LLM take first pass 
prior to sending it committee for possible 
alterations in the CDSS



• Epic Clarity data for BPA firing and user 
responses / feedback for 2 years (2019-2021)

• Explainable AI (XAI) refers to the ability of an 
artificial intelligence (AI) system or model to provide 
clear and understandable explanations for its actions 
or decisions. In other words, XAI is about making AI 
transparent and interpretable to humans1

• They tried 4 different XAI models

• Compare the ML generated suggestions against 
the change-log for the BPAs over the years, if a 
suggested change was already implemented.

• Give the ML suggestion “credit” if it suggested 
something that had been suggested and 
implemented by the CDS team

https://www.ncbi.nlm.nih.gov/pmc/articles/PMC10990514/ 52

Vanderbilt / Clickbusters

Natural progression to prior papers regarding the 
utility of ML in assessing and improving CDS best 
practice alerts (BPAs)

Let’s improve CDS using Explainable AI (XAI) local 
models, take into account multiple variables at our 
disposal for triggering and exclusion

“Do not fire breast cancer screening alerts for 
patients in the hospice unit.”

https://www.ibm.com/topics/explainable-ai
https://www.ibm.com/topics/explainable-ai
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Insert fancy XAI math here….

Essentially taking into account 
the suggestions from XAI would 
account for 10% reduction in 
unnecessary firings and thus 
boost up the acceptance rate

Once again, using AI to 
augment the CDS review 
process, especially in resource 
constrained organizations



Applied Clinical Informatics Vol. 15 No. 2/2024 54

Duke

“Would you be surprised if this 
patient passed away in the 
next 6 months?”

Measure response rates:

- Passive Storyboard

- Chart Open - interruptive

- Chart Close – interruptive

Why? To increase GOC 
conversations in cancer 
patients 
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Interruptive 
still wins, 5x 
more. 

Passive led 
to the most 
“No – not 
surprised 
answers” 
though

Surprised?



doi:10.1001/jamanetworkopen.2023.52370 56

UCSD

Epic and homegrown magic

Surgical Residents PGY1 -4

1 year’s worth of procedures

Let’s design a method to 
extract procedures performed 
from the EHR, let’s compare it 
to how awful we are at logging 
it manually

Where was this 20 years 
ago???



Transition Comedy Slide
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Back to you Bill !

More CDS and 
more AI



Samal L, Kilgallon JL, Lipsitz S, Baer HJ, McCoy A, Gannon M, Noonan S, Dunk R, Chen SW, Chay WI, Fay R, Garabedian PM, Wu E, Wien M, Blecker S, Salmasian H, Bonventre JV, 
McMahon GM, Bates DW, Waikar SS, Linder JA, Wright A, Dykes P. Clinical Decision Support for Hypertension Management in Chronic Kidney Disease: A Randomized Clinical Trial. JAMA 
Intern Med. 2024 May 1;184(5):484-492. doi: 10.1001/jamainternmed.2023.8315. Erratum in: JAMA Intern Med. 2024 Jun 10. doi: 10.1001/jamainternmed.2024.2589. PMID: 38466302;  



Samal L, Kilgallon JL, Lipsitz S, Baer HJ, McCoy A, Gannon M, Noonan S, Dunk R, Chen SW, Chay WI, Fay R, Garabedian PM, Wu E, Wien M, Blecker S, Salmasian H, Bonventre JV, 
McMahon GM, Bates DW, Waikar SS, Linder JA, Wright A, Dykes P. Clinical Decision Support for Hypertension Management in Chronic Kidney Disease: A Randomized Clinical Trial. JAMA 
Intern Med. 2024 May 1;184(5):484-492. doi: 10.1001/jamainternmed.2023.8315. Erratum in: JAMA Intern Med. 2024 Jun 10. doi: 10.1001/jamainternmed.2024.2589. PMID: 38466302;  



Lin CS, Liu WT, Tsai DJ, Lou YS, Chang CH, Lee CC, Fang WH, Wang CC, Chen YY, Lin WS, Cheng CC, Lee CC, Wang CH, Tsai CS, Lin SH, Lin C. AI-enabled electrocardiography alert intervention and 
all-cause mortality: a pragmatic randomized clinical trial. Nat Med. 2024 May;30(5):1461-1470. doi: 10.1038/s41591-024-02961-4. Epub 2024 Apr 29. PMID: 38684860.



Lin CS, Liu WT, Tsai DJ, Lou YS, Chang CH, Lee CC, Fang WH, Wang CC, Chen YY, Lin WS, Cheng CC, Lee CC, Wang CH, Tsai CS, Lin SH, Lin C. AI-enabled electrocardiography alert intervention and 
all-cause mortality: a pragmatic randomized clinical trial. Nat Med. 2024 May;30(5):1461-1470. doi: 10.1038/s41591-024-02961-4. Epub 2024 Apr 29. PMID: 38684860.



Lin CS, Liu WT, Tsai DJ, Lou YS, Chang CH, Lee CC, Fang WH, Wang CC, Chen YY, Lin WS, Cheng CC, Lee CC, Wang CH, Tsai CS, Lin SH, Lin C. AI-enabled electrocardiography alert intervention and 
all-cause mortality: a pragmatic randomized clinical trial. Nat Med. 2024 May;30(5):1461-1470. doi: 10.1038/s41591-024-02961-4. Epub 2024 Apr 29. PMID: 38684860.



Lin CS, Liu WT, Tsai DJ, Lou YS, Chang CH, Lee CC, Fang WH, Wang CC, Chen YY, Lin WS, Cheng CC, Lee CC, Wang CH, Tsai CS, Lin SH, Lin C. AI-enabled electrocardiography alert intervention and 
all-cause mortality: a pragmatic randomized clinical trial. Nat Med. 2024 May;30(5):1461-1470. doi: 10.1038/s41591-024-02961-4. Epub 2024 Apr 29. PMID: 38684860.



Lin CS, Liu WT, Tsai DJ, Lou YS, Chang CH, Lee CC, Fang WH, Wang CC, Chen YY, Lin WS, Cheng CC, Lee CC, Wang CH, Tsai CS, Lin SH, Lin C. AI-enabled electrocardiography alert intervention and 
all-cause mortality: a pragmatic randomized clinical trial. Nat Med. 2024 May;30(5):1461-1470. doi: 10.1038/s41591-024-02961-4. Epub 2024 Apr 29. PMID: 38684860.
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Transition Comedy Slide:

The LLM and Inbox Section



https://doi.org/10.1093/jamia/ocae052
66

Vanderbilt

Pre-trained models 
(LLaMA) and GPT 3.5, 
subsequently fine tuned 
with real world VUMC 
patient messages and 
real world open source 
patient to doctor 
conversations

Let’s rate and compare 4 
different LLM models and 
human responses against 
10 real world scenarios
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Simulated patient 
interactions run 
through each of the 
engines.

Responses were 
then rated by PCPs:

• Empathy

• Responsiveness

• Accuracy

• Usefulness



68

Interestingly fine 
tuning didn’t 
actually 
outperform 
regular ChatGPT

Fine tuning with 
local data and 
then again with 
open source 
data (patient –
provider 
interactions) was 
better than local 
data tuning 
alone



https://doi.org/10.1016/S2589-7500(24)00060-8 69

Brigham 2023

Radiation Oncologist scenarios 
based on real world patient 
questions and answers

200+ cases, simulated

Manual responses (6 
oncologists) vs LLM only vs LLM 
+ oncologist edit

Third party survey responses for:

- Helpfulness, Content, Quality, 
Safety
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Results

• Manual responses were shortest, 34 
words

• LLM longest, 165 words

• LLM + edit, 160 words

But….

• LLM misses acuity and appropriate 
recommendations – a lot….. 

Takeaway – you’d better check that bad 
boy

It was felt by the assessing physicians that 
the LLM drafts posed a risk of severe harm in 
11 (7·1%) of 156 survey responses, and death 
in one (0·6%) survey response. The majority 
of harmful responses were due to incorrectly 
determining or conveying the acuity of the 
scenario and recommended action.



JAMA Network Open. 2024;7(3):e243201. doi:10.1001/jamanetworkopen.2024.3201 71

Stanford 

5 week prospective study July-Aug 2023

162 providers

ChatGPT 4 (not fine tuned for medical)

PCPs and GI/Hep

75% of the time a Chat response was 
available

Only ~20% acceptance rate of the draft (!!)

No change in response time, write time, 
read time !!

BUT…. Statistically significant reduction in 
perceived burden and work exhaustion 
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This seems a bit at odds with the various other studies that mentioned 
improved empathy and appropriateness….. Hmmm….



JAMA Network Open. 2024;7(4):e246565. doi:10.1001/jamanetworkopen.2024.6565 (R 73

UCSD

Cross-Pollinated study with 
UCSF LLM paper

122 PCPs, 50 with access to 
GenAI inbox replies, 72 were 
control

Mesure:

- Reading Time 22%

- Response Length 18%

- Reply Time 

- Perceived benefits - Yup



DOI: 10.1007/s11606-023-08417-8 74

For Bill !!!!

The Brigham / Epic and Clarity

Question: Can we correlate 
inbox activity (responsiveness, 
message volume, amount of time 
spent in the inbox) to a patient’s 
Likeliness to Recommend (LTR)

Answer – Yup, and women providers are better at it.

Also – messages beget more messages, and if you 
take too long to respond patients don’t like it



DOI: 10.1056/AIdbp2300040 75

Mount Sinai

GPT 3.5, GPT 4, Gemini 
Pro, LLAMA 2-70b

GPT4 wins… but it’s not 
great. ICD10 still 25% 
incorrect and CPT 95% 
incorrect

Same takeaway – don’t 
use it yet, needs fine 
tuning



76

Back to Bill!

More CDS !!



Szilagyi PG, Duru OK, Casillas A, Ong MK, Vangala S, Tseng CH, Albertin C, Humiston SG, Clark E, Ross MK, Evans SA, Sloyan M, Fox CR, Lerner C. Text vs Patient Portal Messaging to 
Improve Influenza Vaccination Coverage: A Health System-Wide Randomized Clinical Trial. JAMA Intern Med. 2024 May 1;184(5):519-527. doi: 10.1001/jamainternmed.2024.0001. PMID: 
38497955; PMCID: PMC10949147.



Szilagyi PG, Duru OK, Casillas A, Ong MK, Vangala S, Tseng CH, Albertin C, Humiston SG, Clark E, Ross MK, Evans SA, Sloyan M, Fox CR, Lerner C. Text vs Patient Portal Messaging to 
Improve Influenza Vaccination Coverage: A Health System-Wide Randomized Clinical Trial. JAMA Intern Med. 2024 May 1;184(5):519-527. doi: 10.1001/jamainternmed.2024.0001. PMID: 
38497955; PMCID: PMC10949147.



Hinman RS, Campbell PK, Kimp AJ, Russell T, Foster NE, Kasza J, Harris A, Bennell KL. Telerehabilitation consultations with a physiotherapist for chronic knee pain versus in-person 
consultations in Australia: the PEAK non-inferiority randomised controlled trial. Lancet. 2024 Mar 30;403(10433):1267-1278. doi: 10.1016/S0140-6736(23)02630-2. Epub 2024 Mar 7. PMID: 
38461844.



Hinman RS, Campbell PK, Kimp AJ, Russell T, Foster NE, Kasza J, Harris A, Bennell KL. Telerehabilitation consultations with a physiotherapist for chronic knee pain versus in-person 
consultations in Australia: the PEAK non-inferiority randomised controlled trial. Lancet. 2024 Mar 30;403(10433):1267-1278. doi: 10.1016/S0140-6736(23)02630-2. Epub 2024 Mar 7. PMID: 
38461844.

Results



(Netherlands)

Bakker T, Klopotowska JE, Dongelmans DA, Eslami S, Vermeijden WJ, Hendriks S, Ten Cate J, Karakus A, Purmer IM, van Bree SHW, Spronk PE, Hoeksema M, de Jonge E, de Keizer NF, Abu-Hanna 
A; SIMPLIFY study group. The effect of computerised decision support alerts tailored to intensive care on the administration of high-risk drug combinations, and their monitoring: a cluster 
randomised stepped-wedge trial. Lancet. 2024 Feb 3;403(10425):439-449. doi: 10.1016/S0140-6736(23)02465-0. Epub 2024 Jan 20. PMID: 38262430.
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A; SIMPLIFY study group. The effect of computerised decision support alerts tailored to intensive care on the administration of high-risk drug combinations, and their monitoring: a cluster 
randomised stepped-wedge trial. Lancet. 2024 Feb 3;403(10425):439-449. doi: 10.1016/S0140-6736(23)02465-0. Epub 2024 Jan 20. PMID: 38262430.





Kajander-Unkuri S, Vaismoradi M, Katajisto J, Kangasniemi M, Turjamaa R. Effect of robot for medication management on home care professionals' use of working time in older people's home 
care: a non-randomized controlled clinical trial. BMC Health Serv Res. 2023 Dec 2;23(1):1344. doi: 10.1186/s12913-023-10367-0. Erratum in: BMC Health Serv Res. 2024 Jan 15;24(1):75. doi: 
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Papers that caught my eye but also seem 
like pretty common sense
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The Common Sense Section



“This means that a 1-point increase in the ARCH EHR 
Experience score (the difference between a clinician 
reporting that they agree vs strongly agree that the 
EHR was usable, efficient, integrated, and so forth) 
was associated with a 1.1 percentage point increase 
in overall Leapfrog Safety score “

JAMA Network Open. 2023;6(9):e2333152. doi:10.1001/jamanetworkopen.2023.33152 92

The data gift that keeps on giving: Leapfrog 
and ARCH Collaborative

Does perceived EHR usability correlate with 
simulated safety scores?

Example Leapfrog

- DDI / DA / Therapeutic Dup

Example ARCH (1-5) 

- This EHR is easy to use?

- This EHR enables high quality care?

- This EHR is integrated



JAMA Network Open. 2024;7(5):e2413140. doi:10.1001/jamanetworkopen.2024.13140 (Reprinted) 93

Mass General 2020 – 2022

144 Docs using synchronous and 
asynchronous scribe services (Nuance / 
Speke /Scribble / Scribe America)

~ 50% PCP / 50 % Specialists

Impact on total EHR time? Time on Notes? 
Pajama Time? Proportion of note by 
physician?  YUP

Impact on length of visit? No

Impact on proportion of orders placed by 
team? NOPE



JAMA Network Open. 2024;7(5):e249831. doi:10.1001/jamanetworkopen.2024.9831 94

Are patients accessing their patient portal in 
real-time while being seen in the ED? 

YUP

Looking at labs and occasionally notes



AMA February 13, 2024 Volume 331, Number 6 (Reprinted) 
c 
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UCSF study

Utilizing the all payers claims 
database

Hot topic for AMDIS since 
COVID-19

Previous papers regarding 
patient and provider perception 
of billing for secure messaging
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• Billing peaked at the onset of the 
pandemic, then fell, and is now 
rebounding slowly

• Most common CPT codes? Exactly what 
you’d expect

• ? Organizations embracing this as 
potential long-term revenue generation
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Hey ChatGPT 3.5 and 4 give 
me some citations on these 
Learning Health System 
topics 

Oops….

3.5 = 98% fake

4 – 20% fake

Don’t do it folks, not yet



The END ?
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